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Table 3. Time series prediction experiment result
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Table 1. Initial parameters for modeling.
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3| FHAF 2 F7F 7t 0.010
4| F7HAE ok F7F F71 0.018
5 L) A &e] 7| 0.067
6 EXd o9 Pt 7] 0.074
7 X Aol FtrlE 0.077
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10 w3 o7 W2 o] &2 0.772
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Table 2. Model Architecture Hyper—parameter values.

LSTM GRU 1d-CNN TCN
Layers 2 2 4 1
Units(Filters) 32 32 (16) (64)
Return -
sequence True True False
Kernel size - - {75,3,3} {3}
Pool size - - 0 -
Dilations - - - [1,2,4,8]
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#| FH9HE | LSTM GRU | 1d-CNN TCN

1 0.003 0.447(2) | 0.313(1) | 0.614(3) | 1.178(4)
2 0.009 0.497(4) | 0.259(1) | 0.417(3) | 0.406(2)
3 0.010 0.582(4) | 0.263(1) | 0.309(2) | 0.312(3)
4 0.018 0.594(3) | 0.509(1) | 0.669(4) | 0.529(2)
5 0.067 0.333(2) | 0.451(4) | 0.426(3) | 0.332(1)
6 0.074 0.311(1) | 0.417(4) | 0.382(3) | 0.336(2)
7 0.077 0.390(3) | 0.496(4) | 0.359(2) | 0.291(1)
8 0.400 0.751(3) | 0.760(4) | 0.651(1) | 0.745(2)
9 0.643 0.708(4) | 0.707(3) | 0.563(1) | 0.704(2)
100 0.772 0.735(4) | 0.707(3) | 0.459(1) | 0.630(2)
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